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[ Abstract ] Radiomics, as a relatively important approach for image analysis now, consists in extracting a great amount of
quantitative data from original images, which can be used to identify the actual nature of a pancreatic lesion and provide other
information related with tumor grade, tumor response to therapy, resectability and survival rate after surgery. We reviewed and
summarized the recent developments and the latest research of radiomics using computed tomography (CT) and magnetic resonance
imaging (MRI) in the field of pancreatic neuroendocrine neoplasm and discussed the future development of radiomics.
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